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Abstract—The network architecture of the current Internet
cannot accommodate the deployment of novel network-layer protocols. To address this fundamental problem, network virtualization has been proposed, where a single physical infrastructure is
shared among different virtual network slices. A key operational
problem in network virtualization is the need to allocate physical
node and link resources to virtual network requests. While
several different virtual network mapping algorithms have been
proposed in literature, it is difficult to compare their performance
due to differences in the evaluation methods used. In this paper,
we proposed VNMBench, a virtual network mapping benchmark
that provides a set of standardized inputs and evaluation metrics.
Using this benchmark, different algorithms can be evaluated and
compared objectively. We present such an evaluation using three
existing virtual network mapping algorithms. We compare the
evaluation results of our synthetic benchmark with those of actual
Emulab requests to show that VNMBench is sufficiently realistic.
We believe this work provides an important foundation to
quantitatively evaluating the performance of a critical component
in the operation of virtual networks.
Index Terms—future Internet, network virtualization, virtual
network embedding, benchmark, evaluation

I. I NTRODUCTION
As the Internet has grown to a global communication infrastructure that connects large numbers of diverse distributed
applications, new requirements for functionality and performance have emerged. These requirements include security
(e.g., protection against address spoofing), diverse communication paradigms (e.g., content-addressable networks), and
quality of service (e.g., performance guarantees for streaming
media).
The current Internet architecture cannot accommodate these
requirements since the Internet Protocol (IP), which is used by
all systems in the Internet, cannot be changed without creating
incompatibilities [1]. While some shortcomings of IP can be
addressed by ”middle-boxes” [2], such as firewalls [3] or
network address translators [4], they do not provide a general
solution that can adapt to fundamentally different network
layer protocols, such as content-addressable networking [5].
An alternative network architecture that provides fundamental flexibility in the protocols that are deployed, including
the network layer protocol, is network virtualization [6], [7].
In network virtualization, a single physical infrastructure is
shared among multiple virtual network “slices” (similar to
how operating system virtualization allows multiple different
operating systems to share a single computer).

A key challenge in operating virtual networks is the problem
of assigning logical nodes and links to physical resources. This
“virtual network mapping problem” has received considerable
attention in recent years [8]–[12] because it is a fundamentally
hard problem and because improvements in the quality of
mapping algorithm can significantly improve how many virtual
networks can be accommodated in an infrastructure. Despite
the attention focused on the virtual network mapping problem,
it is still difficult to judge how well different algorithms
perform under realistic operational conditions.
To address this problem, we propose a benchmark for
virtual network mapping algorithms that can provide the basis
for quantitative comparisons between competing algorithms.
Important criteria for this benchmark are that the inputs (i.e.,
the virtual network substrate and the virtual network requests)
are representative of what would be encountered in a real
virtual network system. We discuss this issue in detail in this
paper. We also show results of how the benchmark can be
used to evaluate specific algorithms.
The specific contributions of this paper are:
•

•

•

•

Design of a benchmark, VNMBench, for evaluating virtual network mapping algorithms. The benchmark consists of a variety of substrate network configurations and
virtual network requests and a set of evaluation metrics
that are meaningful in this context.
Discussion of the representativeness of VNMBench (i.e.,
why the specific inputs used by the benchmark can
be considered typical for a virtual network mapping
environment).
Evaluation of three existing virtual network mapping
algorithms using VNMBench. The results demonstrate
the types of quantitative results that can be obtained for
determining the performance of any given virtual network
mapping algorithm.
Comparison of mapping results obtained from VNMBench with results obtained from real network virtualization environment (i.e., Emulab [13]). The comparison
shows that the synthetic VNMBench requests lead to
similar mapping results, thus showing that VNMBench
generates a representative workload.

The remainder of the paper is organized as follows: Section II discusses related work. Section III present the benchmark, VNMBench. We present an evaluation of three algo-

rithms using VNMBench in Section IV and make a comparison between actual Emulab traces and our benchmark.
Section V summarizes and concludes the paper.
II. R ELATED W ORK
The concept of network virtualization was introduced in [6],
[7]. Router systems that support network virtualization have
been presented in [14]–[16]. These routers can isolate link
resources and forwarding tables between slices. A mechanism
for isolating protocol processing resources between slices is
discussed in [17]. Network virtualization has been deployed
in several research testbeds, including GENI [18] and Emulab
[13].
The virtual network mapping problem requires the allocation of virtual network nodes and links to a physical substrate
network. A survey of network virtualization and virtual network mapping algorithms is given in [19]. One of the first
solutions developed by Ricci et al. uses simulated annealing
to find mapping solutions [8]. Some algorithms assume that
the substrate network resources are unlimited, such as Fan and
Ammar [9]. To propose a solution for determining dynamic
topology reconfiguration, Zhu et al. [10] calculate the whole
mapping periodically.
Comparing evaluation results between published results is
difficult because different evaluation environments are used.
Yu et al. [11] use a substrate network with 100 nodes and
500 links in a 100×100 grid, virtual network requests nodes
with uniform distribution between 2 and 10, and CPU and
link data rates with uniform distribution between 0 to 100
units. However, Chowdhury et al. [12] use a 50-node substrate network in a 25×25 grid, CPU requirements uniformly
distributed from 0 to 20, and bandwidth resources uniformly
distributed between 50 and 100. These differences affect the
results since parameters settings have an important effect
on the mapping result. Some mapping algorithms are more
suitable for small networks with a high node degree, some
algorithms have a better performance in large and sparse
networks. The benchmark we develop in this paper can help
in providing the basis for fair and effective comparison of
algorithms and to evaluate the advantages and disadvantages
of different approaches.
III. VNMB ENCH
The benchmark we develop in this work consists of two
components: (1) input sets for virtual network mapping algorithms and (2) metrics for evaluating the outputs of virtual
network mapping algorithms. The inputs consist of a variety of
different scenarios that cover typical virtual network mapping
uses. The metrics evaluate the performance of virtual network
mapping results in terms of the quality of the mapping that
was achieved and the running time. The following describes
the general operation of the benchmark, the input sets, and
performance metrics.

A. Operation of Benchmark
The benchmark provides parameters for generating two
types of inputs: (1) one substrate network, which represents the
physical infrastructure on which virtual networks are mapped,
and (2) multiple virtual network requests, which need to be
mapped onto the substrate network. Both links and nodes have
constraints associated with them. Substrate links provide a
limited amount of bandwidth; substrate nodes provide a limited amount of processing. Requests nodes are constrained in
their location and require processing resources. Paths between
mapped request nodes require network bandwidth [11]. The
mapping algorithms determine the placement of request nodes
and paths while avoiding resource conflicts in the substrate.
When multiple requests need to be mapped to a substrate,
there are several different ways of handling mapping operation: multiple requests could be mapped one after another
or at the same time; in case of incremental mappings, prior
mappings can be considered fixed or can be changed (e.g.,
in order to make scarce resources available to later mapping
requests); once multiple mappings have completed, additional
mappings can be performed either until the substrate is full or
prior mappings can be removed as they expire. Clearly, these
differences in operation have a considerable impact on the
results obtained from an evaluation of mapping algorithms.
In our work, we aim to stress-test the algorithms under
considerations. Therefore, we chose (what we call online)
operation, where virtual network requests are mapped successively onto a substrate without ever removing (or changing)
a mapping that has been completed. With every successful
mapping of a virtual network request, the remaining substrate
resources become increasingly sparse. Therefore, finding mapping solutions becomes increasingly difficult. In case a virtual
network request cannot be accommodated, it is considered a
failed mapping attempt and the next virtual network request
is processed. The mapping process continues for a specified
number of requests (in our case 1,000). After all virtual network requests have been processed, the number of successful
mappings and other metrics are determined.
It is important to note that VNMBench can be used for
any type of operation since the input sets and (to some
extend) the metrics are agnostic of the specific operation.
Thus, VNMBench users can adapt the benchmark for their
specific use. In this paper, however, we solely consider online
operation.
B. Benchmark Inputs
In VNMBench, the inputs for the virtual network mapping
algorithm are a substrate network and multiple virtual network
requests. We model the substrate network as a weighted undirected graph denoted by GS = (N S , E S ), where N S is the set
of the substrate nodes and E S is the set of the substrate links.
Each substrate node nSi ∈ N S has an associated processing
capacity denoted by c(nSi ). Each substrate link eSi (u, v) ∈ E S
between two substrate nodes u and v is associated with the
bandwidth capacity value b(eSi (u, v)). We set λ(u, v) to denote
the length of eSi (u, v) between two substrate nodes u and v.

A virtual network request is defined by a weighted undirected graph GV = (N V , E V ), where N V is the set of the
virtual nodes and E V is the set of the virtual links. The
processing resource requested by a virtual network node nVi ∈
N V is denoted by c(nVi ), for each virtual link eVi (u, v) ∈ E V
also has the bandwidth capacity b(eVi (u, v)) .
1) Topology Generation: A key challenge in VNMBench is
to determine how to generate representative topologies for the
network substrate and the virtual network requests. In general,
networks are difficult to model. The standard approach is to
generate a graph such that the key metrics match with those of
typical networks. The methods used for this kind of topology
generation include regular topologies, flat random topologies,
and hierarchical topologies.
The flat random method connects the set of nodes with a
specific probability by edges. It can control the number of
edges in the graph by changing the probability of connection
of random nodes, but cannot control the configuration of the
edges. It is more suitable to generate small graphs because it
may have high node degree when generating large graphs [20],
which is not typical for the Internet. Since the Internet can be
viewed as a collection of interconnected routing domains [21],
the trans-stub method generate large graphs efficiently with
a realistic average node degree [20]. Therefore, we choose
this method to generate our substrate network. For the edge
method, we use the improved Waxman method [22] (rather
than the pure random method or exponential method, which
are more likely to have long edges).
To generate substrate and request topologies in VNMBench,
we use the GT-ITM tool [23]. For the substrate network, we
use the trans-stub topology generation method [20] and for
virtual network requests, we use the Waxman method.
2) Substrate Network: To explore a range of network configurations, we consider two substrate network sizes: medium
size with 100 nodes and large size with 500 nodes. Each
substrate size is further separated by the distinction of link
density: dense substrate network has approximate two times
the number of links than the sparse substrate network.
We choose to use these two different sizes of the substrate
network in our benchmark, because in real networks there are
medium size networks (e.g., corporate or campus network)
and large size networks (e.g., national network). We set the
two sizes to differ by a factor of 5 in the number of nodes. In
VNMBench, the medium substrate network’s number of nodes
is 100 and node placement is random within a 100×100 grid.
In the large substrate network, there are 500 nodes and placed
within a (200×200) grid.
The density of the links in the network plays an important
role in the virtual network requests mapping, because it is
easier for mapping algorithms to find suitable substrate nodes
and links in the dense style, but more difficult to solve the
mapping problems when the network is sparse. In VNMBench,
the sparse substrate network has 129 links and the dense
substrate network has 255 links in the medium size, and 639
links and 1294 links, respectively, in the large size.
In order to create a realistic network, we fix the node degree

TABLE I: Parameters of Substrate Network
Medium size
Sparse
Dense
100
100
129
255
2.58
5.10
100×100 100×100
2
2
2
2
4
4
6
6
0
50

Number of nodes
Number of links
Node degree
Scale
Transit domains
Nodes per transit
Stubs per transit node
Nodes per stub
Extra links

Large size
Sparse
Dense
500
500
639
1294
2.55
5.17
200×200 200×200
2
2
5
5
7
7
7
7
0
250

of sparse substrate network around 2.5 and dense substrate
network around 5.1, which are close to the realistic average
node degrees 6 [20]. When the number of nodes is 100 in
sparse style, the graph has 2 transit domains, each transit
domain has an average of 2 nodes, 4 stub domains per transit
node, and no extra transit-stub or stub-stub edges. Each stub
domain also has 6 nodes on average. According to the formula
of the average node degree of the transit stub graph, we can
calculate the node degree of two kinds substrate networks:
2(Et + (1 + Es Ns )K)
,
(1)
1 + KNs
where the Et and Es are the edge densities of the transit and
stub domains, respectively. Ns is the average nodes per stub
domain, K is the average stub domains per transit node. The
average node degree is approximately 2.58. In the dense style,
there are 50 extra transit-stub links or stub-stub links and node
degree is approximately 5.10.
3) Virtual Network Requests: We separate the virtual network requests into three size: 5 nodes, 10 nodes and 20 nodes.
The topologies for these requests are generated using the
Waxman method. In the Waxman model, the probability of
an edge connecting a pair of nodes u and v is based on the
Euclidean distance between them:
ND =

P (u, v) = αe−

d(u,v)
βL

,

(2)

where d(u, v) is the distance from node u to node v, α > 0,
β ≤ 1, and L is the maximum distance between any two edges.
Parameter α determines the number of edges in the graph, and
parameter β determines the ratio of long edges to short edges
[22]. In our benchmark, we set α is in the range from 0.3 to
0.8 and β from 0.15 to 0.25. Thus, for every virtual network
request, the node degree is in the range of 2.5 to 5, which is
typical of actual networks.
4) Parameter Settings: The VNMBench parameters are
summarized Tables I and II. The processing resource of all
requests are uniformly distributed (between 0 and 20) and link
bandwidth requests are also uniformly distributed (between 0
and 50). A total of 1,000 virtual network requests are generated
for each run of the benchmark.
C. Benchmark Metrics
In VNMBench, we consider three metrics to compare and
evaluate mapping algorithm performance: number of successful mappings, revenue-to-cost ratio, and running time. In the

TABLE II: Parameters of Virtual Network Request
Number of nodes
Number of links
Edge method
Processing resources
Bandwidth resources
Range of α
Range of β

GS representing the path that the virtual link (u, v) is mapped
to. In our work, we set α = β = 1.
We define the revenue R(GVj ) generated by the j th virtual
network request as


c(nVj ) +
c(eVj )
(4)
R(GVj ) =

Small
5
[4,6]

Medium Large
10
20
[9,15]
[19,47]
Waxman
uniform distribution [0,20]
uniform distribution [0,50]
[0.3,0.8]
[0.15,0.25]

V
nV
j ∈Nj

Section IV, we compare three specific mapping algorithms
with respect to these metrics to show that meaningful inferences about algorithm performance are possible.
1) Number of Successful Mappings: One of the main goals
of the network virtualization is enable many virtual networks
to coexist together on a shared substrate network. Even though
each virtual network request has a different topology, different
processing resource requirements, and different bandwidth
requirements, a mapping algorithm should try to maximize the
number of coexisting virtual network requests [24]. Therefore,
we choose the total number of successful mappings as one of
the key metrics for VNMBench.
Note that this metric assumes online operation as discussed
above. Also, it is assumed that there are enough requests to
completely fill up the substrate network. In case a request
cannot be mapped to the substrate, it is considered a mapping
failure. In this case, it can be distinguished if the mapping
failed due to the lack of node resources or link resources. This
distinction may help in understanding why the performance
of a particular substrate network (or a particular mapping
algorithm) is limited.
2) Revenue-to-Cost Ratio: Another important metric is to
measure the amount of substrate resources are necessary to
accommodate a request. In virtual network mapping, it is
common to refer to the complexity of a request as “revenue”
(i.e., how much a customer would pay for having their network
installed in a substrate). The amount of substrate resources
necessary are referred to as “cost” of a mapping.
We let GVj = (NjV , EjV ) denote the j th virtual network
request, and define the revenue, cost and the ratio of them
with this request. The cost of mapping the j th request is the
total cost of allocation of substrate network resources to the
j th virtual network, defined as C(GVj ). We consider node
resources and link resources, so the total cost can be separated
into two parts: the node mapping cost and the link mapping
cost. We use α (node mapping cost factor) and β (link mapping
cost factor) as tunable weights that are set based on substrate
network provider policies. We set c(eVj ) as the demand of links
and c(nVj ) as the demand of nodes in the j th virtual network.
Thus, the total mapping cost is defined as

C(GVj ) =α ·
c(nVj )+
V
nV
j ∈Nj

β·



λ(fE (u, v)) · c(eVj ),

(3)

V
eV
j (u,v)∈Ej

where λ(fE (u, v)) is the length the set of substrate links in

V
eV
j (u,v)∈Ej

The revenue-to-cost ratio is then based on the above definitions:
R(GVj )
(5)
R/C − Ratio =
C(GVj )
the R/C − Ratio has values between 0 and 1. It is set to 0
when the virtual network requests mapping fails and achieves
1 when an optimal virtual network mapping is found, which
means every virtual link uses a direct physical link in the
substrate.
3) Running Time: The definition of running time is the
average time of processing one virtual network request by the
mapping algorithm. The running time of a mapping algorithm
is of practical importance – especially since virtual network
requests are often handled dynamically in an online fashion.
Therefore, the running time of an algorithm is also a metric in
our benchmark. We determine the average time by measuring
the total running time for all 1,000 requests (including failed
mappings) and dividing accordingly.
IV. C OMPARISON OF M APPING A LGORITHMS U SING
VNMB ENCH
To demonstrate how VNMBench can be used in practice, we
evaluate three mapping algorithms: GMCF [11], vnmFlib [25]
and Dvine [12]. These algorithms are typical representatives
for virtual network mapping algorithms. Thus, showing that
VNMBench can be applied to all of them to provide comparative results illustrates the usefulness of our virtual network
mapping benchmark.
All algorithms are set to the best possible parameters as
mentioned by the authors and are presented with the input
data generated by VNMBench. All algorithms can use pathsplitting and thus can map a virtual link onto multiple physical
paths. A virtual node can be mapped to any physical node
in the substrate. The substrate resources can be mapped at an
arbitrarily fine granularity to virtual networks. A total of 1,000
requests are processed by each algorithm.
For solving the Dvine, GMCF and vnmFlib formulations,
we have used GLPSOL Optimization Studio. These experiments were run on and Intel Quad-core CPU running at 2.50
GHz with 3MB of level-2 cache and 3.4G of main memory.
A. Successful Mapping and Revenue-to-Cost Ratio
Figures 1 and 2 show number of successful mappings and
revenue-to-cost ratio for sparse and dense substrate networks
of medium size. The x-axis is the request mapping iteration
from 0 to 1,000 and the y-axis is the number of successful
mappings or the revenue-to-cost ratio up to that iteration. Each
subgraph is shown for virtual network requests of 5 nodes, 10
nodes, and 20 nodes.
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Fig. 1: Comparison of Amount of Successful Mapping and Revenue-to-Cost Ratio (Sparse Substrate Network with 100 Nodes).
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Fig. 2: Comparison of Amount of Successful Mapping and Revenue-to-Cost Ratio (Dense Substrate Network with 100 Nodes).
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Fig. 3: Comparison of Time and Revenue-to-Cost Ratio
(Substrate Network with 100 Nodes).

Fig. 4: Comparison of Time and Number of Successful
Mapping (Substrate Network with 100 Nodes).

From these results, we can make the following observations:
• We find that the vnmFlib algorithm has the largest
number of successful mappings and the highest revenueto-cost ratio among all three algorithms. For the dense
substrate network, the successful mappings of vnmFlib
are approximately 3 times more than GMCF and 15 times
than Dvine; For the sparse substrate network, the amount
of successful mappings of vnmFlib are around 4 times
than GMCF and 22 times than Dvine. The revenue-tocost ratio is almost 1.5 times higher.
• In both the sparse and dense substrate, GMCF can
satisfy more virtual network requests and has a higher
revenue-to-cost ratio than Dvine. But, with an increasing
number of successful mappings, the revenue-to-cost ratio
of Dvine and vnmFlib also increase, but GMCF improves
the number of successful mappings at the expense of the
revenue-to-cost ratio. In detail, we could find GMCF and
Dvine have the same failed node mapping amount, but
Dvine has a higher failed edge mapping amount than
GMCF.
• For a substrate network with 500 nodes, Dvine fails
entirely for requests with 10 and 20 nodes, and only
maps 17 requests with 5 nodes. Because the dense
substrate network style has twice the node degree of the
sparse style, there are more possibilities to map edges
successfully for all algorithms.
Overall, for the medium size substrate network, the vnmFlib
algorithm is the best choice used, but it takes a lot of time
(see below). If the emphasis is on the amount of successful
mapping, GMCF may be preferable. If the emphasis is on
revenue-to-cost ratio, then Dvine may be preferable.
Similar results can be obtained for large substrate networks
(not shown due to space constraints).

number of successful mappings and revenue-to-cost ratio but
also a longer running time. GMCF has the shortest running
time. Dvine performs the worst in the three mapping algorithms since it takes more time than GMCF algorithm with a
lower successful mapping amount.
Thus, one can choose to use the mapping algorithm with
small running time and corresponding higher successful mapping performance (such as GMCF) if one emphasizes on the
time to complete the mapping process. If one considers the
amount of successful mapping of virtual network requests as
the only requirement, one can choose the algorithm with the
best performance in mapping (such as vnmFlib). In addition,
Dvine and vnmFlib are both a good choice if one aims to
increase the revenue-to-cost ratio with increasing successful
mappings.
Clearly, the evaluation of these algorithms using VNMBench provides interesting insights into the operation of and
tradeoffs between algorithms. (We are less focused on which
particular algorithm outperforms another.)

B. Running Time
Figure 3 and Figure 4 show the distribution of number of
successful mappings and revenue-to-cost ratio with respect to
the running time. We observe that vnmFlib has the highest

C. Comparison of VNMBench Results and Emulab Results
A key requirement of any benchmark is that it generates
a representative workload. To demonstrate that VNMBench
generates a realistic set of virtual network mapping requests,
we compare these requests to requests that were issued by real
users in Emulab. Since it is difficult to compare the actual
requests (due to topology, parameters, etc.), we compare the
mapping results obtained from both scenarios. If the mapping
results are similar in both cases, it can be assumed that
the synthetic requests issued by VNMBench are sufficiently
representative of what happens in reality in Emulab. (Of
course, the benefit of a synthetic benchmark, like VNMBench,
is that it can be scaled to other configurations, which is not
possible with traces.)
The Emulab request traces have topologies with 2 to
15 nodes. Since the traces do not have explicit processing
demands, we added them based on a uniform distribution
between 0 and 20. Edge bandwidth demands are uniformly

distributed between 0 and 50. For comparison, we use the
same substrate network generated in VNMBench model with
node processing resources and edge bandwidth resources set
to 100 units on a 100×100 grid.
We separate the experiments into two parts. First, we
extract 1,000 requests with 5 nodes from the Emulab collected
requests and make a comparison with 5-node virtual network
requests in VNMBench model. Figure 5 shows the number of
successful mappings and revenue-to-cost ratio of three mapping algorithms based on Emulab requests and VNMBench
requests in the sparse substrate network with 100 nodes. From
the figure, we observe the successful mapping amount of
Dvine and GMCF are equal in both scenarios and vnmFlib
can successfully map 48 Emulab requests and 52 VNMBench
requests. For the revenue-to-cost ratio, the value and variation
trend of the three mapping algorithms is also similar for
Emulab requests and VNMBench requests. For both scenarios,
vnmFlib performs better than the other two algorithms in these
two metrics. GMCF has more successful mappings than Dvine,
but with a decrease of revenue-to-cost ratio. Thus, the results
for VNMBench are extremely similar to those for real Emulab
requests.
When using Emulab requests with varying numbers of
nodes, the comparison to VNMBench becomes more difficult.
Since we offer many topologies for mapping, the algorithms
will successfully map many of the smaller Emulab topologies.
In contrast, VNMBench uses the same size topologies and thus
does not offer “easy” mappings. In the second part, we extract
1,000 requests randomly from Emulab virtual network requests
and also using 5-node requests in VNMBench model to make
a comparison in the evaluation results of different mapping
algorithms. The probability of node number between 2 to 5 is
around 0.6 in Emulab requests, the average node number in
the successful mapping requests is around 3 and average link
number is around 2 when using GMCF and vnmFlib mapping
algorithms. The smaller node and link number, the easier for
virtual network requests mapping successfully. Therefore, the
number of successful mappings is 118 for vnmFlib algorithm
based on Emulab requests, which is larger than the number of
mappings from VNMBench requests. For Dvine, the average
node number of successful mapping is 4 and link number is 3,
which is similar to the VNMBench model (number of nodes
is 5 and average number of links is 4). Thus, Dvine has the
same amount of successful mapping. Despite these differences,
there are still many similarities in the results, especially when
considering the revenue-to-cost ratio.
Thus, these comparisons show that VNMBench does generate inputs that are representative of virtual network mapping
requests generated in real virtualized networks.
V. S UMMARY AND C ONCLUSION
Network virtualization is a way of sharing a physical network among virtual networks that can differ in functionality.
The mapping of virtual network requests to physical resources
is an important aspect of the operation of a virtual network
system. Various mapping algorithms have been developed in

literature, but a detailed quantitative understanding of their
performance has been difficult due to differences in their
performance evaluation. In this paper, we introduce VNMBench, a benchmark for evaluating virtual network mapping
algorithms that allows thorough evaluation and comparison of
these algorithms. We discuss the design of the benchmark,
its inputs, and its performance metrics. We evaluate three
different algorithms using VNMBench and show that detailed
performance results and comparisons between algorithms can
be achieved. We also show that the results obtained when
using VNMBench are comparable to those from real Emulab
requests. We believe that this work presents an important
step toward finding faster and more effective virtual network
mapping algorithms in the future.
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